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Figure 4. The user interface regarding location recommendation
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Algorithm LocationInterestInference (TBHG, LocH)

Input: A tree-based hierarchy graph 7BHG=(H. G), and
collection of users’ location histories LocH

Output: the collection of users’ hub scores, h, and the collection of
locations’ authority scores, a.

1. h=a = 0;

2. Fori=1i<|Ll;i++ //for each level

3 Forj=1;j<|Cl;j++  // foreach cluster on this level

4. For x =i+ 1;x < |L|; x + + //search the descendant levels
5. C,'=LocationCollecting (x, ¢;;, H);

6. M=MatrixBuilding(C, ,LocH),

7. ({hﬁ} , {a;}})ZHITS-Inference(M);

8. a=aV {a;}

9. h=hu {h }

1

0. Return (h, a);
Figure 10. The algorithm for nferring the authority and hub scores
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Table I. Information of the 7BHG used in the experiment

Num. of Ave. size of Ave. num of | Ave. num stay

Clusters clusters KM user/cluster points/cluster
Level 1 1 11.450.7 107 10,354
Level 2 32 14.5 6.7 267.5
Level 3 70 2.1 8 112.7
Level 4 159 0.26 6.5 46.2
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Figure 16. Top 10 interesting locations of different approaches

Table IV. Comparison on the presentation ability of different methods

Ours Rank-by-count Rank-by-frequency
Representative S4 4.5 3.1
Comprehensive 4 34 2.3
Novelty 34 24 22

o

fE B X “TOMFFE D Tk >rank-by-count > rank-by-frequency” &7 5
7.
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Table V. Ranking ability of different methods

Ours Rank-by-count Rank-by-frequency

nDCG@5 0.823 0.714 0.598
nDCG@10 0.943 0.848 0.859

MAP 0.759 0.532 0.365
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